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Integrated (Induced) Course Load Matrix

An Induced Course Load Matrix (ICLM) is used to estimate how demand in one academic program induces
course demand across departments. (known as a Markov Matrix, Probability Matrix, Transition Matrix, etc.)|

Total enrollments by students in Major in Dept courses

Induced Loadps,ior.Dept =
Major,Dept Number of students in Major

e Forecasting course demand

e Budget and Faculty Planning (Faculty hiring needs, graduate assistants, classroom utilization)

e How new programs or growth in existing disciplines may impact all departments (e.g. increase
in nutrition management increases demand in biology)



Fall 2025 Course Load Matrix
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SCH by Course and Major / Major and Course
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Undergraduate Course Estimates
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Detailed Undergraduate Course Estimates

Undergraduate Course Enrollment & Seat Projections | All Courses
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com 2124
ComM 2131
COM 2150
COomM 2120
COomM 2131
COM 2250
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COoM 2314
COM 2315
COM 2316
COomM 2325
COM 2416
COM 2610
COM 2612
COM 2615

Fall '21
Est.

Course College

- | | (am

Fall "21
Actual
3,232
3,232
3,232
316
o2
=11
240
65
42
L8
2
60
75
29

58
27

73
26
28

36
13
93

Spring Spring

222nd.. | "22 Act..

3,082
3,082
3,082
183
75
55
216
64
24
27
6
g2
54

30
56
14

67
28
45
35
14

92

Course Department: ~

- |Eummunicatian

-]

Fall '22
2nd Est.

Fall '22
Actual
3,110
3,110
3,110
318
109
50
239
62
24
=t

56
81
27

57
17
14

27
15
33
25
51
41
36
16
100

Spring
23 1st ..

Spring

"23 Act..

3,115
3,115
3,115
205
81
49

30
55
18

27
17

&R K

22
10
0

Course Subject

COM

Fall '23
Est.

Fall '23
Actual
3,441
3,441
3,441
366
o3
54
235
83

21
10
26
36
&0
55
21
16
110

-

Spring
24 2nd ..

(Al

Spring
"24 Act..
3,279
3,279
3,279
217
86
56
241
84
44
61
11
90
119
30

30
58
5
2
13
13
24
36
50
25
24
7
89

Course

Fall ‘24
1st Est.

Fall "24
Actual
3,435
3,435
3,435
356
107
66
234
S0
24
62

a9
122
30
29
60
30
9

16
S
11
37
58
52
22
21
112

-

(A}

Spring
‘25 1st ..

Course Level

Spring
25 Act..
3,373
3,373
3,373
238
a5
&9
231
86
43
&0
2
92
120
30

30
74
13

14
13
20
37
50
63
27
22
109

Fall 25
Estimate



Moving Forward

se Summary Detailed Roster

APP

Beyond the ICLM - DegreeWorks Future Planning

Based upon the DegreeWorks student audits, this dashboard shows the counts of students needing select courses they have yet to complete and are not currently enrolled in an upcoming

term. Course-based filters include, among other options, ‘take type,” which allows the user to filter for ‘'may take’ or ‘must take’ courses based on a student audit. For the student-based
filters, please note the ‘additional filters’ option. The additional student filters include selecting the "9 degree complete’ option, among other variables.
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UNCW Case Study

* Vision and Institutional Need (Why)
* Strategic Framing (So What)

* Analytical Build (How)

* Early Insights (What we’re learning)

* What’s Next (Where we’re going)

Interpreters

Insight
Engine




Vision and Context

Vision:
Develop a framework that connects program demand to

instructional supply in a way that supports strategic
planning and funding allocation decision.

Institutional Need:

UNCW lacked an integrated framework connecting
program demand to course demand.



Strategic Framing

* Internal Pressures (positive)
* Decision-making gap

* Historical Reality



Strategic Framing (Continued)

* Reframing the Goal
e Redefine Instructional Contributions

* Connect the Dots (Demand, Activity, and Supply)



Analytical Build: Connecting ICLM to the Enrollment Funding

Model
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Analytical Build: Connecting ICLM to the Enrollment Funding
Model

Use Cases for Budget & Planning

% R * Identify units absorbing disproportionate
p— instructional load without proportional
T e & . enrollment growth.
e = |+ Support evidence-based resource requests

22222

—— — tied to actual instructional demand.
i T -+ Stress-test enrollment scenarios by

\j examining downstream instructional
— impacts.
ST e e e .. Strategic Implication

* Enrollment growth does not distribute
evenly across the instructional ecosystem.

* The ICLM allows leadership to move from
reactive SCH explanations to proactive
funding alignment.



Data Foundation & Development

From Disparate SCH

& | Main page Induced Course Load Matrix
LJNW —* SCH By College
Term CAA CHHS CHSSA CSB CSE HC WCE UX oo  MalorCollege
Spring 2025 EOT Total
Career Level 54 36,147 8,604 669 9,176 160 328 3 192 55,333
Al CHHS 0.1% 65.3% 15.5% 1.2% 16.6% 0.3% 0.6% 0.0% 0.3% 100.0%
13.4% 87.5% 13.2% 1.8% 14.7% 20.2% 3.7% 7.1% 10.6% 25.4%
Class level
All 84 1,155 29,967 1,022 4,237 137 694 21 492 37,809
CHSSA 0.2% 3.1% 79.3% 2.7% 11.2% 0.4% 1.8% 0.1% 1.3% 100.0%
20.9% 2.8% 46.1% 2.7% 6.8% 17.3% 7.9% 50.0% 27.3% 17.3%
120 1,186 9,460 32,830 5,183 70 315 6 423 49,593
csB 0.2% 2.4% 19.1% 66.2% 10.5% 0.1% 0.6% 0.0% 0.9% 100.0%
29.9% 2.9% 14.5% 87.3% 8.3% 8.8% 3.6% 14.3% 23.5% 22.7%
129 1,961 12,326 2,082 40,119 358 417 12 660 58,064
CSE 0.2% 3.4% 21.2% 3.6% 69.1% 0.6% 0.7% 0.0% 1.1% 100.0%
32.1% 4.7% 18.9% 5.5% 64.2% 45.3% 4.8% 28.6% 36.6% 26.6%
3 251 1,094 13 732 17 6,676 12 8,798
WCE 0.0% 2.9% 12.4% 0.1% 8.3% 0.2% 75.9% 0.1% 100.0%
0.7% 0.6% 1.7% 0.0% 1.2% 2.1% 76.2% 0.7% 4.0%
N 12 598 3,593 976 3,035 49 334 24 8,621
ol © 0.1% 6.9% 41.7% 11.3% 35.2% 0.6% 3.9% 0.3% 100.0%
ollege 3.0% 1.4% 5.5% 2.6% 4.9% 6.2% 3.8% 1.3% 4.0%
15 15
Ux 100.0% 100.0%
0.0% 0.0%
) 402 41,298 65,059 37,592 62,482 791 8,764 42 1,803 218,232
ielclt"’"_r o 0.2% 18.9% 29.8% 17.2% 28.6% 0.4% 4.0% 0.0% 0.8% 100.0%
oflege fota 100.0% 100.0% 100.0% 100.0% 100.0% 100.0% 100.0% 100.0% 100.0% 100.0%

Counts to an Integrated
Analytical Framework

Data Integration

 Dashboard built
using enrollment
data from the
Student Data Mart
(SDM) as the primary
source of truth

* Designedto support
multiple institutional
reporting
perspectives through
user-selectable
filters:

* Term
e Career Level
e Class level



Data Foundation & Development

section_CollegeComb | § Data Reality & Crosswalk
. THE DASHBOARD Development
S T In an ideal world, business

practices align perfectly with
data structures

ELSEIF
ELSEIF
ELSEIF

'ED', "XE'
ELSEILF et THEN oan \
"HH', "XH' -

To bridge this gap, custom
crosswalks were developed
to:

ELSEIF
AND (

Department Name Xwalk | 8 '
epartment Name Xwa * Align program, course, and

organizational structures

IF
ELSE
END

Ensure analytical outputs
reflect how the institution
actually operates, not just
how data are stored

THE DATA




From Static Reporting to Exploratory Analytics: Dashboard
Design & Tooltips

%) [1» Edit  [[j) View: Original .
e L Advancgd Tooltip Developme.nt |
ez * Tooltips extend each matrix cell with:
* Multi-year SCH trends for that

demand-supply relationship
* Term-over-term directional change
(growth, stability, decline)
* Contextual comparison to overall
institutional SCH trends
* This allows users to discuss:

23.2% 87.3%

1,098 1,188
CHSSA 2.7% 2.9%
12.7% 2.8%

2,064 1,277
CSB 3.5% 2.2%
23.9% 3.1%

2,369 2,055
CSE 3.6% 3.1%
27.5% 4.9%

o * Isthisinstructional dependency
structural or temporary?
to figure out the data... without tooltips. e Is growth driven by enrollment
i v 1 e AN expansion or curricular design?
All taught 37,809 student credit hours to All students with a CHSSA major. This represents 100.0% of the total course credit hours Why TOO ltips Matter

enrolled by All students with a CHSSA program and 17.3% of the total course credit hours taught by All

* Keeps the primary visualization clean while
embedding trend intelligence exactly where
decisions are made.



Early Insights

* |CLM Data Changes the Conversation

* |[CLM Improves Current Processes



What is Next?

* Integration into Planning

* Strengthen Adoption and Expand Use Cases

* Stop, Collaborate, and Listen



Discussion Questions

How could a model like this influence resource
allocation, faculty workload, or program
evaluation decisions on your campus?

Where do you see the biggest opportunity or
the biggest risk in applying something like this
on your campus?
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